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Classification of mobile applications based on deep learning

WANG Chao, ZHANG Hua, QIN Jiaweli
(Beijing University of Posts and Telecommunications, State Key Laboratory of Networking and
Switching Technology, Beijing 100876)

Abstract: Traditional classification of mobile applications cannot be analyze Chinese complex context,
and with the increase in the number of samples will happen over fitting problem, for the existing
problems, this thesis studies the deep learning network, constructed by using CD-K training algorithm
for learning metadata of applications. This thesis uses support vector machine, naive Bayes and random
forest classification model to compare, the experimental results show that, in mobile application
classification, the accuracy rate of DBN classification can reach 82.42%, better than other models.
Keywords: artificial intelligence; mobile applications; deep learning; data classification
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90 Tab.1 Mobile phone application classification standard
ENl 29 1D M2
RSN 0000 WY
ENI&S 1000 B, &8, PSS, SR
M 2000 WS, HRAE, WK
ids &N 3000 Wk, U RIS
EZ LSS 4000 AL Eg R, IR IR
FRK 5000 AT, MU A
ZaR N 6000 AT, R, Wl
ER4ES 7000 ARG TH, Hb, migiete, M
] B B2 8000 ORI, B, JBE, B, KAE, Fl
WCSRREA P S M A SO RTHUN A, RERTCR o, STt 9895 2 AT HTE %,
R 2 NTHREAZ R A

R 2 AFRRTHAR A SR A

Tab. 2 Metadata sample size distribution

2551 1D 25 FEAZEIA
0000 IR 2% 2K 493
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2000 I 453
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4000 Z AR 1986
5000 S 487
6000 ERES 416
7000 XS 1376
8000 i Bk 1443
95 ANFIZR AL F NS E A B o A B AN ] o SEB IR 2% 07 R B e s 15

B RFESRI AR G A, BRI PN 8, 47 2000 24, HIEEH AN H]
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K47 2 21458
FEAVES, IR 2 N R TR EE R L H, X THEAESR AR H R 2 R H PC AT
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Fig. 3 Sample distribution of mobile applications
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Fig. 4 Comparison chart of DBN classification results
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