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Bayesian Maximum Entropy Prediction of Soil Properties

Using Legacy Data as Soft Information

YangYong, Li Weidong, HeLiYuan

(Department of Resource and Environmental Information, College of Resources and Environment,
Huazhong Agricultural Unviersity, WuHan 430070)

Abstract: High-precision maps of soil properties are basis for precision agriculture and soil quality
assessment. Collection and rational use of more information/data is an effective way to improve
the prediction accuracy of soil properties. BME has advantages over classical statistical methods
in comprehensive utilization of multi-source data, in particular when data is fuzzy. In this paper,
BME was used to estimate spatial distribution of soil continuous properties with historical map
data as soft data and soil sampling data as hard data. We compared the prediction performance of
BME with that of kriging using hard data of different densities. It is found that BME was more
accurate. Finally, we discussed the pros and cons of the BME method.
Keywords: Bayesian Maximum Entropy; Soft Data; Soil Properties; Spatial Prediction
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Fig.3 Soil verify sampling sites and diverse modeling sampling sites distribution in Hannan
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